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Scorecard development process Beema paaom

Automated process

O Data selection i Data selection
O Interactive grouping O Automatic grouping
® Increasing the number of
® splitting algorithms

= ® Applying statistical

bootstrap and testing
for the estimation

Automation of the of stability and the quality

® given part of

of splittings
development process
_ _ enables us to cut time _ _
) Multifactoral analysis significantly O Multifactoral analysis
) ® Automation of the search
process of optimal machine
learning
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Automatic development process: Interactive grouping process Brema praom
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Automatic development process: business logic checks Boema pRaom

We have developed a special scipt language assigning the requirements for automatic business
logics checks of each factor
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Automatic development process: Using cross variables Beema paaam

Using cross-variables instead of excluding in case of correlation pairs or low performance of factor
enables us to detect hidden dependencies and increase performance of the future model.
Automation also enables us to significantly increase the number of analizing variables.
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Automatic development process: Logistic Regression parameters

The criterion of the optimal number of model factors:

 Akaike information criterion
« Schwarz bayesian criterion
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The algorithm of adding factors
to the model:

« forward

backward

* stepwise
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Regularization type:
Lasso
Ridge

Elastic-net
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The value of regularization
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Automatic development process: results Boensa praok
Internal hackathon: The Bank's advantages for the creation of
such instrument:
Dafta scientist 0O  Significant number of credit applications per
day (50-60 thousand)
Gini = 66% U Good practical experience of data

scientists (average experience more than 5

T years)
t =2 weeks Q The same platform for model development
I and implementation into the online process
— _-II L-__

The number of models used
increased from 10 to 25
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Automatic validation process

Test results:

Graphical results:
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Test is passed. Model calibration accuracy is at high level.
Observed default rates grouped by score buckets do not
significantly differ from forecasted PD.
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Automatic Implementation model process and setting cutoffs Beema paaom
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CUSUM VALUE

Automatic monitoring approval rate process Bcerma pRaom
- 56
CUSUM TEST
Shi(i) = max(0, Spi(i — 1) + =i — g — k) Break point
1| Sto(i) = max(0, Sw(i — 1) + pg — k — =), - 54
where Shi(0) and Sip(0) are 0. When either Spi(i) and Sio(1) exceeds k.
|| the process is out of control. L o)
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AUTOMATIC STRATEGY ADJUSTMENT SYSTEM (ASAS)

4 Implementation into N
On-line credit process

Ggsas

RTDM

4 Cutoff settings N

- J

—

4 Model rebuilding N
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- —veryday _
N
Monitoring of
approval rate

Everymonths,
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THANK YOU!
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